High-throughput in silico screening for endocrine-related activity
using a KNIME-based decision tree framework
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INTRODUCTION

In 2023, new hazard class for endocrine disruptors (ED) was introduced under ECHA’s CLP Regulation. A reliable, efficient and reproducible solution for early-stage identification of
this hazard is required to enable rapid screening of a large industrial dataset for potential endocrine-related activity.

METHODOLOGY
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Step 2 Simultaneous screening of EATS modalities.
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Final visual inspection of flagged substances for 100%
transparency.

Transparency & Traceability Every substance retains its original identifier throughout
the pipeline. The final output includes a Metadata-Rich Audit Trail, documenting the
source (EPA/PubChem), transformation steps, and justification for any exclusions.
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RESULTS: PRIORITIZATION AND IMPACT
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CONCLUSION: STRATEGIC VALUE

The KNIME-based decision tree provides a scalable and conservative roadmap for chemical management:

* Portfolio Resilience: Proactive identification of potential EDs future-proofs the product pipeline against emerging ED-
related concerns.

 Safe-by-Design: By addressing the presence of future potential Substances of Concern (SoCs) during early
development stages.

reCkitt * Scalable governance: Enables systematic prediction of ED potential across large industrial data set without reliance
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Scaling & Expansion
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